Following the literature, international trade seems to have a significant impact on inequality in the case of developed countries, particularly through an increase in the wages of skilled workers relative to the wages of unskilled workers. However, the results depend of the sample of countries studied (Wood, 1994 (Wood, , 1995 Slaughter and Swagel, 1997; Harjes, 2007; BahmamiOskoee et al., 2008; and Bensidoum et al., 2011) . Roine et al. (2009) confirmed this difference between countries by using top income shares 1 data. More recently, Engelmann (2014) uses data from EU KLEMS, to assess the effect of trade for 11 UK manufacturing sectors on inequality. The results shows a structural change in the U.K. economy by the declined share of low-skilled workers and the increased share of mediumskilled and high-skilled workers over the years. These results should to incite us to take into account the different specificities of each industrial sector when we estimate the effect of international trade on inequalities. This fact is supported by the Cassette et al. (2012) , who had estimated the specific impact of international trade in services on inequalities by using three interdeciles ratio (D9/D1; D5/D1 and D9/D5).
The link between trade of tourism services and inequality has not really studied. Most of the time, this question is indirectly approached (see for example Wattanakuljarus and Coxhead, 2008; Blake, 2008) . This empirical study is an attempt to feel this gap by estimating the direct link between international trade in tourism services and wage inequality. This will require to measure the impact of trade liberalization in tourism on skill premiums in the tourism sector, between highly skilled and semi-skilled workers, semi-skilled and unskilled workers, and between highly skilled and unskilled workers. The advantage of using skill premiums in the tourism sector (and not a general inequality index as Gini index) is that it is certain that the estimated effect is due to the characteristics of the tourism sector rather than to an uncontrolled or misleading correlation effect. Saikkonen, 1991) .
Data and empirical strategies
The standard deviations of the coefficients are obtained using the long-term variance of the residuals from the cointegration.
The second estimation step in this article involves estimating the long-and short-term relationships using a panel data model based on an ECM. This is used to establish the way in which the short-term varies from the long-term relationship and, more specifically, how the economy adjusts itself following disturbances over time.
The specification of the corrected error model is as follows:
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, dependent variable for i type inequalities, = { , , } 3 the trade aggregate k with = { , , , } 4 , the country j and the date t. is the trade openness variable and X is the control variables vector. The specific time effect, t  is used to capture the aggregated shocks that may occur in any given year. The error correction term ( TCE ) comes from the residuals of the estimated long-term relationship by using the DOLS method. The corrected error term coefficient,  , provides the adjustment rate at which the short-term dynamics of the dependent variable converge towards the long-term relationship.
Consequently, if  is negative and significantly different from 0, then the wage inequality/trade openness relationship is long-term and the error correction mechanism leads to inequalities to be adjusted to reduce the deviation from the long-term relationship, thus validating the specification of the ECM model. Tables 1 and 2 show the panel estimates by using the DOLS estimator for the entire country sample during the period 1980-2005. To begin, we see that total international trade significantly increases wage inequality in the long-run between highly skilled and semi-skilled workers and between semi-skilled and unskilled workers. However, the results for international trade in business services are much more settled as in Cassette et al. (2012) . In fact, this entails higher wage inequality between each category of worker skills. Moreover, the coefficients are of much greater magnitude than for total trade and trade in goods. Note also that, unlike trade in goods, the coefficient is positive and significant for wage inequality between highly skilled and semi-skilled workers in business services sectors.
Results and discussions
With regard to tourism, the development of trade in this sector has a clear impact on wage inequality between highly skilled and unskilled workers in the long-run. The coefficient is actually positive and significant at the 1 % confidence level. Note also that this coefficient (8.814) is slightly lower than trade in business services but significantly higher than trade in goods or total trade. However, note that at the 10% acceptance threshold, the international tourism trade reduces wage inequality between semi-skilled and highly skilled workers. This can be partly explained by the fact that tourism production is unskilled labour intensive. Table 3 presents the results of estimates of the ECM models for the tourism sector while tables A.4, A.5 and A.6, in the annex, address estimates, respectively, of total trade, trade in goods and trade in business services (note that the multicollinearity has been controlled by a variance inflation factors analysis). These results indicate also that the lagged inequality variable is a significant factor in two out of three cases, which confirms the autoregressive form of the equation (1). For inequality between semi-skilled and highly skilled workers, the lagged variable coefficient is negative.
Conversely, the lagged variable coefficient of inequality between semi-skilled and unskilled workers is positive. This means that wage differentials for unskilled workers, relative to semiskilled workers working in tourism, are increasing while wage differentials between highskilled and semi-skilled workers are reducing over time. This result can essentially be explained by the fact that tourist production is unskilled labour intensive. Accordingly, relative to unskilled workers, there are very few highly and semi-skilled workers. Wages differential therefore tend to reduce between these categories of workers. The development of trade in tourism between countries leads to a relative deterioration in the wages of the poorest individuals. Table 5 also helps to show that the coefficient of the error correction term is negative and significant 5 , which validates the ECM models.
In light of these results it appears that the main factors behind wage inequality in the tourism sector are a form of inequality inertia and the immediate and long-term effect of tourism trade openness. The impact of international trade in tourism services on inequalities, as highlighted in this article, may suggest that the developed countries need to develop high-tech sectors (requiring highly skilled labour). Otherwise, wage inequalities in the tourism sector may continue to grow in the coming years. Wood, A., (1995) , 'How trade hurts unskilled workers', Journal of Economic Perspectives, Vol 9, pp 57-80. 
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